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Abstract: The present study investigated the relationship between the transmission of COVID-19
infections and climate indicators in Dhaka, Bangladesh, using coronavirus infections data available
from the Institute of Epidemiology, Disease Control and Research (IEDCR), Bangladesh. The Spearman
rank correlation test was carried out to study the association of seven climate indicators,
including humidity, air quality, minimum temperature, precipitation, maximum temperature,
mean temperature, and wind speed with the COVID-19 outbreak in Dhaka, Bangladesh. The study
found that, among the seven indicators, only two indicators (minimum temperature and average
temperature) had a significant relationship with new COVID-19 cases. The study also found that air
quality index (AQI) had a strong negative correlation with cumulative cases of COVID-19 in Dhaka
city. The results of this paper will give health regulators and policymakers valuable information to
lessen the COVID-19 spread in Dhaka and other countries around the world.

Keywords: COVID-19; climate indicators; air quality; environment; pandemic; coronavirus

1. Introduction

Coronavirus is a major pathogen affecting the respiratory system of humans [1,2].
On 31 December 2019, an unspecified etiological outbreak from Wuhan, Hubei, China, was reported
to the World Health Organization (WHO) [3]. The novel disease, later named COVID-19 caused by
SARS-COV-2, spread quickly to other countries around the globe [4]. In light of the rising danger,
WHO declared COVID-19 as an international public health emergency (PHEIC) [5]. SARS-COV-2 has
already infected people in most countries around the world. As of 25 September 2020, the incidence
of SARS-COV-2 infections reached the figure of more than 32 million, with more than 213 countries
and regions affected by the pandemic [6]. It has been reported that in the worst-case scenario,
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COVID-19 patients can have trouble breathing and can have pneumonia, which results in death [7].
Clinical diagnosis has identified that COVID-19 patients have similar indications to other coronavirus
affected patients, e.g., Middle East respiratory syndrome (MERS) and severe acute respiratory syndrome
(SARS) [8]. The initial indication of SARS-COV-2 infection is cough, fever, short breath, and in the late
stage, it can damage the kidneys, cause pneumonia, and unexpected death. Worldwide experience has
shown that COVID-19 can affect all age groups with varying recovery rates among those groups [9].
The vulnerability of the elderly (>80 years of age) is high, with a fatality rate of ~22% of cases infected
by COVID-19 [1].

In Bangladesh, the first coronavirus cases were identified on 8 March 2020, in three young patients
(two male and one female). The two male patients had returned from Italy, and the female was
a family member of one of the two males [10]. Bangladesh’s infections remained low until the end
of March but increased steeply in April. Bangladesh’s cases reached 100 on 9 April and exceeded
200 cases in two days, so the time for the caseload to double was two days, which later slowed to
three and then five days. On 1 June 2020, the time required for the caseload in Bangladesh to double
remained at five days. The spread of infection was similar to that of Italy, France, and South Korea,
which resulted in WHO announcing COVID-19 a pandemic [11]. Between 8 March and 1 June 2020,
there were 49,534 COVID-19 cases in Bangladesh confirmed by rt-PCR, including 672 related fatalities
(Case Fatality Rate 1.36%) according to the Institute of Epidemiology Disease Control And Research
(IEDCR). Figure 1 shows the COVID-19 case distribution up until 1 June 2020, in Bangladesh [12]. As of
1 June 2020, the geographical distribution of confirmed reported COVID-19 cases was available on 65%
of all cases (32,120 of 49,534). Of these cases, 70.3% (22,576) were from Dhaka division, 16.7% (5361)
Chattogram division, 3.1% (996) Mymensingh division, 2.9% (937) Rangpur division, 2.3% (744) Sylhet
division, 2.2% (700) Rajshahi division, 1.8% (574) Khulna division, and 0.7% (232) Barisal division [13].
The highest attack rate (AR) was observed in the Dhaka division (524.1/1,000,000), whereas Chattogram
division had the second highest AR (159.5/1,000,000), and Mymensingh division had the third highest
AR (76.6/1,000,000). As of 1 June 2020, according to IEDCR, a total of 320,199 COVID-19 tests, with the
overall positivity rate of 15.5%, were conducted in Bangladesh by 52 laboratories (28 laboratories in
Dhaka and 24 laboratories in other divisions of the country).

Huang et al. [9] reported that COVID-19 was transmitted from bat to human, though the
transitional host is still unidentified. The transmission of the novel virus is through air droplets from
human to human. It has been reported that the temperature, humidity, wind, and precipitation may
favour either the spread or the inhibition of epidemic episodes [14]. Bashir et al. [15] reported that the
transmission of viruses is influenced by weather conditions and the density of people. Dalziel et al. [16]
considered climate indicators as the best predictors because weather conditions play a significant role
in the transmission of the coronavirus. Epstein [17] reported that the adverse weather associated with
long-term changes in climate made a significant contribution to the West Nile virus spreading in the
US and Europe. Even though some research has looked into identifying the link between weather
variables and the spread of viruses, there is limited research on the relation between them. Most of these
studies focused solely on observing the correlation of temperatures, while overlooking the impact of
air quality on COVID-19 dynamics. A previous study by Haque and Rahman [18] studied the relation
of temperature and humidity with COVID-19 and found that under a linear regression framework,
high temperature and high humidity significantly reduced the transmission. However, they concluded
that due to high local transmission, it was unlikely that the pandemic would have diminished by April.
The Air Quality Index (AQI) of Bangladesh indicates that Dhaka is the most polluted city, and it is
predicted that the weather variables, along with AQI at Dhaka city, are significantly correlated with
the new daily COVID-19 cases.
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The trajectory of an epidemic is defined by the reproduction number (R0), which denotes the
average number of secondary cases generated by one primary subject with the whole population
susceptible to infection [19]. To consider a disease to be an epidemic, the value of R0 must be greater
than unity, which eventually determines the number of infected people if no intervention is placed.
However, as the time elapses, control measures such as non-pharmaceutical interventions (NPIs)
(and vaccines or drugs, if available) are introduced as well as the number of people susceptible to
infection is exhausted, the effective reproduction number (R) declines. When R falls below unity in
value, the epidemic starts to phase out. NPIs, including physical distancing, closure, quarantine,
isolation, mask use, and hygiene behaviour, are typically aimed at reducing contact rates in the
population [20,21]. It has been reported that the implementation of NPIs generally coincided with a
rapid decline in the number of new cases [22]. Several studies have investigated the potential effect of
mitigation measures on the dynamics of COVID-19 [19,21,23]. They have suggested that moderate
measures could shrink the extent of the epidemic. However, extreme measures would ensure the
health system is not overwhelmed, albeit at high economic and social costs [24]. This work will provide
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expedient information to the policymakers, which can help to lower the present COVID-19 infection
rate through the use of NPIs and provide guidance for controlling future pandemics from the onset.

2. Methods

2.1. Study Area

Dhaka is the capital of the People’s Republic of Bangladesh. Geographically, Dhaka is situated
in South Asia, between 20◦30’ to 26◦38’ north latitude and 88◦01’ to 92◦41’ east longitude. It has
a population of over 21 million residents. Dhaka has a tropical wet and dry climate. The city has a
distinct monsoonal season, with an annual average temperature of 26 ◦C (79 ◦F), and monthly means
varying between 19 ◦C (66 ◦F) in January, and 29 ◦C (84 ◦F) in May. Approximately 87% of the annual
average rainfall of 2123 mm (83.6 inches) occurs between May and October. Four meteorological seasons
are recognised in Dhaka as pre-monsoon (March, April, and May), monsoon (June to September),
post-monsoon (October and November), and winter (December, January, and February) [25]. Dhaka is
the financial, commercial, and the entertainment capital of Bangladesh. It accounts for up to 35% of
Bangladesh’s economy. Since its establishment as a modern capital city, the population, area, and the
social and economic diversity of Dhaka have grown tremendously. Dhaka is now one of the most
densely industrialised regions in the country. Dhaka is a major international city, as it hosts the
headquarters of several international cooperations. By the 21st century, it emerged as a megacity, which
is now listed as a beta-global city by the Globalization and World Cities Research Network (GaWC).

2.2. Data Collection

The computer-based data on the temporal variation of COVID-19 cases in Dhaka from the period
of 1–31 May 2020, were procured from the IEDCR, Bangladesh. Until 30 April, there were a total of
6000 cases recorded (since coronavirus first identified in Bangladesh) in Dhaka and new cases increased
steadily from 1 May 2020. The temporal and spatial data on climate indicators (of minimum, maximum,
and average temperatures in ◦C, precipitation in millimetres, and humidity as a percentage) during
May 2020 were collected from the Bangladesh Meteorological Department (BMD) [15]. BMD is the only
government organisation responsible for monitoring and issuing all types of forecasts and warnings
related to weather events. BMD collects the daily weather data for the Dhaka city from Dhaka PBO
station (international station number—41923), which is located at 23◦46’ N, 90◦23’ E, and elevated at
8.45 m. The AQI data was collected from Dhaka US Consulate Air Pollution: Real-time Air Quality
Index [26]. The US Embassy air quality monitor measured airborne fine particulate matter on the
compound of the Embassy in Dhaka.

2.3. Data Analysis

Data can be analysed in different ways, including using the time series modelling, Spearman,
or Pearson correlation coefficient. As the objective of this study was to perform the correlational study
of two temporal series of data, the Spearman rank correlation (rs) test was performed to inspect the
correlation between new and total infections with environmental indicators. Spearman’s correlation
determines the strength and direction of the monotonic relationship between two variables.
The coefficient was calculated using the following equation [16]:

rs = 1− 6

∑
d2

i

n(n2 − 1)
(1)

where di is the difference between the x, y pair or the difference between the ranks of the x and y
variables; n is the number of coordinate pairs.
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3. Results and Discussion

Figure 2a shows the number of daily new infections and total infections statistics for Dhaka from
1 May 2020 to 31 May 2020. It is seen that the daily new cases were not varied steadily. For example,
on 6 May, there were 540 new cases, and on 16 May, 407 cases were observed. The maximum new
cases (1283) were observed on 20 May. The total confirmed cases increased steadily until the end of
the month. On 1 May, the confirmed cases in Dhaka were 6031. By the end of the first week of May,
confirmed cases had risen to 8289, by the end of the second week to 11,280, by the end of the third
week to 16,528, and by the end of the month to 22,576.
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Figure 2. (a) Daily new cases and total confirmed cases of COVID-19 in Dhaka, May 2020 [4]. (b) Daily
maximum, minimum, and average temperatures in Dhaka, May 2020 [14].

The daily temperature changes of Dhaka in May 2020 is depicted in Figure 2b. The lowest daily
minimum, maximum, and the average temperature was 24 ◦C, 33 ◦C, and 29 ◦C, respectively, whereas
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the highest daily minimum, maximum, and the average temperature was 26 ◦C, 34 ◦C, and 30 ◦C,
respectively. The average daily lowest and highest rainfall was 2 mm and 20 mm, respectively.
The average daily minimum and maximum humidity was 47% and 98%, respectively. The average daily
lowest and highest wind speed was 1 km/h and 17 km/h, respectively. The average daily minimum
and maximum AQI was 54 and 150, respectively. AQI is inversely related to air quality.

Table 1 shows the correlation of these seven climate indicators with daily new infections and total
infections of SARS-COV-2 in Dhaka. Among the seven weather variables, only mean temperature
(rs = 0.470; p = 0.02) and minimum temperature (rs = 0.427; p = 0.01) were positively and significantly
correlated with daily new infections. The mean temperature and minimum temperature indicated
a significant positive relationship. The reason may be that the viral aerosols last longer in the air due to
their smaller sizes at minimal or average temperature, thereby raising the spread of the virus. The AQI
indicated a significant negative relationship with total confirmed infections. The reason may be that
Dhaka was in full lockdown during the entire month of May so that people’s mobility in and out of
the region was minimal and pollutant emission was reduced due to absence of public transportation.
Maximum temperature, wind speed, rainfall, and humidity were not significantly correlated with the
dynamics of coronavirus.

Table 1. Relationship coefficients result between climate indicators and COVID-19 outbreak.

Climate Variable New Case Cumulative Case

Spearman correlation
Coefficient (rs)

Min. temp. 0.427 ** 0.732 ***
Max. temp. 0.156 −0.041
Avg. temp. 0.472 *** 0.701 ***

Rainfall 0.233 0.591
Humidity 0.111 0.013

Wind 0.287 0.388
AQI −0.205 −0.607 ***

*** 1% significance level (two-tailed); ** 5% significance level (two-tailed).

For the present study, the link between climate indicators and the spread of COVID-19 in Dhaka
is analysed. Figure 3 shows the most correlation factors on daily new infections and the total number
of infections. The analysis determined that the minimum and average temperatures in Dhaka were
linked to the spread of COVID-19. Increasing the average temperature by 4 ◦C gradually lowered the
COVID-19 spread. This relationship is supported by the work [27] on the respiratory syncytial virus
(RSV) and [28] on SARS viruses. Previous research on the effect of climate indicators on COVID-19
dynamics indicated that temperature served as the key driver for the spread of the coronavirus in
China [29], Indonesia [30], and the US [15]. Chen et al. [31] also highlighted that temperature influences
the spread of the coronavirus. There are reports of other meteorological indicators affecting the
dynamics of the novel coronavirus. It has been reported that humidity and temperature are crucial
indicators, which significantly motivate the seasonal transmission of SARS-COV-2 [32]. However,
weather parameters affect not only the transmission of the novel virus but also mortality [33]. Poole [34]
cited that environment latitude also correlates with the COVID-19 pandemic. Liu et al. [35] also
reported that that local weather conditions of lowered temperature, mild diurnal temperature range,
and low humidity might favour the transmission.

The findings of this study have been compared with a recent study [30] undertaken in Indonesia
which indicated that only mean temperature significantly affected daily cases, with other variables
bearing no relationship with the COVID-19 pandemic. In this study, we also found that the average
temperature was linked with daily new cases in Bangladesh (rs = 0.472) and that the observed
relationship was higher than that found for Indonesia (rs = 0.393). Unlike the Indonesian study [30],
this study also considered the effect of AQI on the impact of the outbreak. We found that AQI was
strongly related (rs = 0.607; p = 0.001) to total cases in Bangladesh.
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In Dhaka, the fast spread of COVID-19 was due to the extremely high level of human mobility,
along with the weather. Being the capital city, Dhaka is the centre of almost all commercial, economic,
and cultural activities of Bangladesh. Many people from regional areas in Bangladesh travel to Dhaka
to find a job and develop their financial stability. Another explanation perhaps is that Dhaka has a high
population density, allowing very quick transmission of SARS-COV-2. Dhaka has a population of
21 million, growing at 3.6% per year and a density of 121,720 residents per square mile, according
to census data. Most of the people are involved either in households or unauthorised work and
considerable proportion work in the garment industry (approximately 800,000). Such statistics make
Dhaka a perfect epicentre for infection compared to other areas of the country. Zu et al. [36] also
reported that population density is one of the causes for the rapid transmission of SARS-COV-2.

In general, the length of the incubation period (duration between exposure to the virus and
the onset of symptoms) and the infectiousness period determine the initial spread, infection rate,
and the probable duration of an epidemic [19]. Fast detection and isolation of infected cases, as well
as social distancing, had shown to produce a more significant restrictive effect on the outbreak by
other studies [24]. Davis et al. [37] assessed the influence of several control measures for mitigating the
impact of COVID-19 in the UK through modelling and reported that extreme measures were required
to bring the epidemic under control due to characteristics of SARS-COV-2. In addition, targeted
and robust NPI measures can significantly reduce transmission to the local community, as shown by
China [24].

4. Conclusions

Climate indicators play an essential role in determining the COVID-19 outbreak in Dhaka.
This study showed a significant correlation between mean temperature, low temperature, and AQI
and rapid transmission of COVID-19 infections. The outcomes of this research will provide useful
information to lower the incidence rate. In particular, the significant relationship between AQI and the
spread of COVID-19 infections indicated the importance of implementing clean environment policies
within the country. However, further research on daily pollutant emissions, such as carbon, particulate
matter, and nitrogen oxides is necessary as forced confinement due to the pandemic significantly
lowered pollutant emissions.
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Despite important findings on the impact of weather on the COVID-19 pandemic, some limitations
remain. For example, the infection of the novel coronavirus is influenced by many variables, including
people’s mobility, immunity, hygiene and proximity, the size of gatherings, testing facilities, and health
care management. Therefore, further and comprehensive research is necessary to explore data about
these variables to give a clearer picture of the dynamics of COVID-19.
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